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ABSTRACT
As an important component of intelligent legal systems, legal case
retrieval plays a critical role in ensuring judicial justice and fair-
ness. However, the development of legal case retrieval technolo-
gies in the Chinese legal system is restricted by three problems
in existing datasets: limited data size, narrow definitions of legal
relevance, and naive candidate pooling strategies used in data sam-
pling.

To alleviate these issues, we introduce LeCaRDv2, a large-scale
Legal Case Retrieval Dataset (version 2). It consists of 800 queries
and 55,192 candidates extracted from 4.3 million criminal case doc-
uments. To the best of our knowledge, LeCaRDv2 is one of the
largest Chinese legal case retrieval datasets, providing extensive
coverage of criminal charges. Additionally, we enrich the existing
relevance criteria by considering three key aspects: characteriza-
tion, penalty, procedure. This comprehensive criteria enriches the
dataset andmay provides amore holistic perspective. Furthermore,
we propose a two-level candidate set pooling strategy that effec-
tively identify potential candidates for each query case. It’s impor-
tant to note that all cases in the dataset have been annotated by
multiple legal experts specializing in criminal law. Their expertise
ensures the accuracy and reliability of the annotations. We evalu-
ate several state-of-the-art retrieval models at LeCaRDv2, demon-
strating that there is still significant room for improvement in legal
case retrieval. The details of LeCaRDv2 can be found at the anony-
mous website https://github.com/THUIR/LeCaRDv2.
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1 INTRODUCTION
As a fundamental component of intelligent legal systems, legal
case retrieval technology plays an essential role in ensuring jus-
tice in judgments. In countries with case law system, judges need
to make a final decision based on the previous judgments of rel-
evant cases [30]. In countries with statutory law system, when a
case is presented to the court, extensive relevant cases are reviewed
to avoid inappropriate judgments [12]. With the rapid growth of
digitized legal cases, more and more researchers have started to
look into the problem and try to apply natural language process-
ing (NLP) and information retrieval (IR) techniques to address the
problem of legal case retrieval [14, 16, 29].

To facilitate relevant research, researchers have begun to build
human-annotated datasets for legal case retrieval in recent years [23,
25, 26, 33]. For instance, Juliano Rabelo et al. [25, 26] provide the
Canadian legal dataset COLIEE, which belongs to the case law
system. Additionally, Ma et al. [23] introduce new relevance judg-
ment criteria for the Chinese statutory law system and construct
LeCaRDv1, a Chinese legal case retrieval dataset comprising queries
and corresponding relevant case documents. Despite its valuable
contributions to the advancement of legal case retrieval techniques
in the Chinese legal system, there are still three primary challenges
remaining unsolved:

• Limited Data. The LeCaRDv1 only contains a hundred queries
with a limited number of annotated case documents, which may
not be sufficient for the training of large language models and
providing reliable evaluation results.More specifically, LeCaRDv1
has 10,700 candidate cases and 107 query cases covering 20 charges.
The small query set size and charge coverage rate could limit the
scope of the application of the dataset.

• Narrow Definition of Legal Relevance. The relevance crite-
rion of LeCaRDv1 focuses only on the fact description section
of a case and ignores the similarities in penalty and procedure.
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When it comes to creating high-quality datasets, relevance cri-
terion is a fundamental concern especially in the legal field. In
general, the relevance in the legal field differs from generic tex-
tual similarity and goes beyond topic relevance [28, 31]. In case
law systems datasets like COLIEE, a relevant case is typically de-
fined as a previous case cited by the query case. This criterion
may not be applicable in countries with statutory law systems,
such as China. As a pioneer, LeCaRDv1 proposes new criteria for
guiding experts to determine relevance based on critical factors.
However, it only concentrates on the fact section, potentially re-
sulting in partial understanding and biased annotations of result
relevance.

• Naive Candidate Pooling Strategy. LeCaRDv1 employs three
retrieval models, namely TF-IDF [1], BM25 [27], and LMIR [34],
to construct a 100-case pool for each query. However, thesemeth-
ods primarily rely on lexical matching and exhibit similar char-
acteristics. Consequently, they may not always provide accurate
identification of potential cases for labeling purposes.

To address these challenges, we present LeCaRDv2, a Large-
Scale Chinese Legal Case Retrieval Dataset. LeCaRDv2 consists of
800 query cases and 55,192 candidate cases selected from a corpus
of over 4.3 million Chinese criminal cases. Compared to LeCaRDv1
with only 20 charges in the query set, LeCaRDv2 has three types of
query cases covering 50 charges, which can evaluate the effective-
ness of retrieval models in the legal domainmore comprehensively.
Moreover, with the guidance of official documents published by
the Chinese Supreme People’s Court, we propose new relevance
criteria involving three aspects: characterization, penalty, and pro-
cedure. The overall relevance is determined by considering three
aspects together. To ensure the quality of the dataset, all annota-
tions are completed by multiple well-trained legal experts who are
familiar with all concepts used in the proposed criteria.

Different fromprevious datasets for legal case retrieval, LeCaRDv2
emphasizes directly retrieving relevant cases from a large legal cor-
pus. This is challenging if we only have a limited budget and use
simple sampling strategies as those used in LeCaRDv1. To over-
come these limitations and label more potential cases with diverse
characteristics, we propose a two-level candidate pooling strategy,
which includes a retrieval pooling step and a ranking pooling step.
For retrieval pooling, we propose Inverse Provision Frequency (IPF)
to measure the similarity of cases based on the law articles. Then,
to construct the retrieval pool, we employ three distinct methods
with different properties: sparse lexical matching, dense semantic
retrieval, and the proposed law article similarity. Each method con-
tributes to the construction of amore comprehensive retrieval pool.
Moving to the ranking pooling step, we leverage the runs provided
by participants in CAIL2021, which are specifically designed for
the ranking of LeCaRDv1 and proven to be successful in the con-
text of criminal law cases. These runs are utilized to rank the cases
within the retrieval pool, further refining the selection process.

To analyze characteristics of LeCaRDv2, we implement several
state-of-the-art models for evaluation. The experimental results
indicate that LeCaRDv2 is challenging, and thus more advanced
methods for legal case retrieval should be explored.We believe that
LeCaRDv2 is a reliable benchmark, and can encourage more fruit-
ful research in the field. It is important to highlight that our dataset

provides relevance among case documents. These case documents
are openly accessible on the China Judgment Online 1, a website
providing collections of case documents published by Chinese gov-
ernment. All sensitive information in cases has been removed or
anonymized in advance by the developer of the website, and we
have obtained the rightful licences to release all the corresponding
case documents and annotations used in LeCaRDv2. Users can ob-
tain specific content and potential updates based on the provided
case titles.

In summary, LeCaRDv2 is highlighted in the following aspects:
(1) LeCaRDv2 contains 55,192 candidate cases and 800 query

cases covering 50 charges. To the best of our knowledge,
LeCaRDv2 is one of the largest Chinese legal case retrieval
datasets with the widest coverage of criminal charges. We
believe that it can be a reliable benchmark that promotes
relevant research in the field.

(2) Compared to LeCaRDv1, we design more comprehensive
relevance criteria guided by the official documents from the
Chinese Supreme People’s Court. The new criterion takes
into account three aspects, including characterization, penalty,
and procedure, providing a more holistic perspective on the
relevance of the case.

(3) We propose a new two-level candidate pooling strategy to
identify potential caseswith diverse characteristics. Our strat-
egy consists of a retrieval pooling step and a ranking pool-
ing step. Furthermore, Inverse Provision Frequency (IPF) is
proposed to measure the law article similarity of two cases.

The rest of the paper is organized as follows: Section 2 intro-
duces the related work. In Section 3, the process of dataset con-
struction is elaborated. Then, the experimental setting and results
are introduced in Section 4. Finally, Section 5 concludes our work
and discusses future work.

2 RELATEDWORK
We survey related work in terms of datasets, and models of legal
case retrieval.

2.1 Datasets
Legal case retrieval is an essential and challenging task for legal in-
telligence systems. Recently, researchers have constructed various
benchmarks to promote progress in relevant research. In this sec-
tion, we provide a summary of existing legal case retrieval bench-
marks.

2.1.1 COLIEE. As a well-known competition in the legal field, the
Competition on Legal Information Extraction/Entailment (COLIEE)
aims to achieve state-of-the-art methods of information retrieval
using legal texts [18, 19, 25, 26]. Specifically, COLIEE focuses on
Canadian case law, which requires reading a query case and iden-
tifying relevant support cases from the candidate corpus. For ex-
ample, COLIEE2020 contains 650 query cases and each query has
200 candidates. Participants need to re-rank a limited number of
cases per query. Different from the previous dataset, COLIEE2021
does not provide a candidate pool for each query, which means

1https://wenshu.court.gov.cn/
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that participants need to find relevant cases from the entire cor-
pus. It consists of 4,415 case files with 950 query cases, of which
650 queries are for training and 250 queries for testing.

Since the COLIEE dataset belongs to the case law system, its rele-
vance is significantly different from those used in the statutory law
systems, e.g., Chinese law system. In COLIEE, the cases cited are
considered relevant. Nonetheless, Chinese legal case documents
lack such citations. As a result, we must develop new relevance
criteria that are suitable for the Chinese legal system.

2.1.2 CAIL2019-SCM. To encourage the advancement of the rele-
vant case-matching task, the ChineseAI and Law 2019 Similar Case
Matching dataset (CAIL2019-SCM) has been released. CAIL2019-
SCM comprises 8,964 triplets, distributed across three legal fields,
namely private lending, intellectual property disputes, and mar-
itime affairs. Each triplet contains one query case and two candi-
date cases, and participants are required to identify which candi-
date case is more relevant to the query case. However, the task def-
inition of CAIL2019-SCM is substantially different from the actual
requirements in practical scenarios, which restricts its application.

2.1.3 LeCaRDv1. LeCaRDv1 is the first legal case retrieval dataset
based on the Chinese legal system [23]. It consists of 107 query
cases and 10,700 candidate cases selected from a corpus of over
43,000 Chinese legal case documents. To cover queries with vary-
ing difficulties and ranges, LeCaRDv1 introduces a novel query
sampling strategy that includes both common queries and contro-
versial queries. In terms of relevance, LeCaRDv1 focuses on the
basic facts and proposes four-level relevance criteria based on the
critical factor. The critical factors consist of key circumstances and
key elements. When two cases share comparable critical factors,
they are considered to be related. Inspired by LeCaRDv1, we fur-
ther refine the relevance criteria and enlarge the size of the dataset.
We hope that this enhanced resource will make a more substantial
contribution to the development of the legal community.

2.2 Models
The development of benchmarks has led to the emergence of mod-
els that are tailored for legal case retrieval [8, 15, 17, 29, 32]. Shao
et al. [29] have employed a strategy that involves breaking down
legal case texts into multiple paragraphs and utilizing BERT to de-
termine the similarity between these paragraphs, which achieves
promising ranking performance. Xiao et al. [32] introduce a novel
attention model and pre-train a Chinese legal language model that
can process thousands of tokens. Paheli Bhattacharya et al. [4] de-
vise a technique that combines both textual and citation network
information to estimate the similarity between legal cases, surpass-
ing the performance of methods that rely solely on one type of
information. Large neural language models are data-hungry and
obtaining the data for legal case retrieval is expensive. To promote
the process of legal case retrieval, it is necessary to develop a large-
scale and high-quality dataset.

3 DATASET CONSTRUCTION
In this paper, our goal is to construct a large-scale and high-quality
dataset for legal case retrieval.The conceptual scheme is illustrated

in Figure 1. In the following section, we first describe the task def-
inition of legal case retrieval. Then, we elaborate on the corpus,
queries, and relevance criteria of the dataset. Finally, we describe
the human annotation process and the data analysis.

3.1 Task Defintion
The task of legal case retrieval is to identify cases related to the
query case from the candidate set, which support the decisionmak-
ing process of judges. Specifically, given a query case 𝑞 and a candi-
date case set 𝐷 = {𝑑1, 𝑑2, ......, 𝑑𝑛} where 𝑛 is the number of candi-
date cases, the task is to retrieval top-𝑘 related cases𝐷∗

𝑞 = {𝑑∗𝑖 |𝑑
∗
𝑖 ∈

𝐷) with the highest relevance between the query 𝑞 and the docu-
ment 𝑑∗𝑖 .

In the practice of legal case retrieval, queries and candidates are
usually long-text documents with complex structures. In general,
the query is the fact section of a case document and candidates are
entire case documents. Consequently, in this dataset, we construct
queries by directly extracting the fact descriptions from the case
documents, while omitting other sections such as decision

3.2 Corpus and Preprocessing
To construct this dataset, we collected over 4.3 million criminal
case documents from the China Judgment Online. As shown in Fig-
ure 2, we divide each case into three sections with regular match-
ing, which consists of fact, reason, and decision.Then, we filter the
cases where the fact section is less than 50 characters or involves
simple procedures2.

After data pre-processing, the documents are organized with
(𝑘𝑒𝑦, 𝑣𝑎𝑙𝑢𝑒) pairs. Moreover, we also extract the charges and the
articles of criminal law involved in the case with regular matching.
We hope to encourage researchers to explore how to build better
retrieval models by utilizing them. It is worth to note that all cases
in LeCaRDv2 are publicly available on the China Judgment Online.
Users can obtain case details and updates from the website accord-
ing to the title provided.

3.3 Query Selection
Query sampling is essential for the construction of legal case re-
trieval datasets. A typical way to construct legal case retrieval queries
is to sample cases from the legal corpus randomly and use the fact
description section as query text. However, the random sampling
of query cases often faces several challenges. On the one hand, the
charges divide the cases into different topics, and the number of
cases with different charges significantly varies. Random sampling
cases to create queries may lead to severe long-tail distribution. On
the other hand, users of real legal search systems have different
search intents. For example, lawyers and judges may focus more
on complicated or controversial queries.The public, which lacks le-
gal knowledge, often wishes to retrieve cases containing as much
information as possible. Therefore, it is essential for a high-quality
dataset to contain queries with different difficulties and multiple
types.

Inspired by LeCaRDv1 [23], we apply a sampling strategy that
consists of common query, controversial query and procedural query.

2Simple procedure refers to the procedure applied to criminal cases with clear
facts, simple circumstances, and minor crimes.
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4.3 Million 
Case Documents
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Figure 1: The data collection and annotation process of LeCaRDv2.

Fact: After identification, at 16:25 on August 15, 2017, 
the defendant drove an overloaded truck and collided 
with the victim's bicycle riding in the same 
direction……
Reason: The court held that the defendant violated the 
traffic regulations and drove a seriously overloaded 
truck and thus had a major accident……
Decision: According to Article 133 of the Criminal 
Law of the People's Republic of China, the verdict is 
as follows: The defendant committed the charge of the 
traffic accident and was sentenced to one year and five 
months in prison. 

Figure 2: An example legal case document.

For common query and controversial query, we expand the cover-
age of charges used in LeCaRDv1 to include more types of queries.
Next, we describe the query sampling strategy in detail.

3.3.1 CommonQuery. The common query refers to cases without
second trials and retrials. In other words, legal experts are more
likely to come to a consensus in these cases.

As shown in Figure 5, we compute the statistics of the distribu-
tion of charges of criminal cases in the last 20 years. It can be found
that the charges of these cases are severely long-tailed distribution.
The number of cases with certain charges can vary from several to
hundreds of thousands. Models trained on the dataset with a long-
tail distribution may have a strong bias in some charges and can-
not accurately estimate the relevance of cases with less frequent
charges. To overcome this problem, LeCaRDv1 samples queries
from top-20 frequent charges evenly, which account for 86.8% of
all cases. In this paper, we further expand the coverage of charges
and select the top-50 frequent charges to construct the common
query. The top-50 frequent charges account for 96.7% of the total
number of cases, which can cover most of the query cases.

To satisfy the different search intents of the search system users,
a high-quality dataset should contain queries with varying levels
of difficulty. Following LeCaRDv1, judgment predictionmodels are

0 20 40 60 80 100
Top frequent charge

200k

400k

600k

800k
Nu

m
be

r

Figure 3: The distribution of top-100 frequent charges of
criminal cases in the last 20 years. X-axis shows the charges
IDs sorted by their frequency and Y-axis gives the number
of the charges.

employed to sample queries. Specifically, we first train the judg-
ment prediction model following Zhong et al [36]. Then, we pre-
dict the charge of all cases and calculate the prediction entropy to
represent the confidence of the prediction model. The prediction
entropy can be represented as follows:

𝐻 (𝑐𝑖 ) = −
𝑁∑
𝑗=1

𝑝𝑖 𝑗 log𝑝𝑖 𝑗 (1)

where 𝑝𝑖 𝑗 denotes the probability that the 𝑖𝑡ℎ case is predicted to
be the 𝑗𝑡ℎ charge and the𝐻 (𝑐𝑖 ) is the entropy of the 𝑖𝑡ℎ case.𝑁 rep-
resents the total number of charges. For a given case, a higher en-
tropy represents a lower confidence in the prediction of the model.
Moreover, the charge with the highest probability is considered
the final predicted result of the case. According to prediction cor-
rectness and prediction entropy, we classify common queries into
the following four categories:
• true-high entropy:Themodel predicts the charge correctly but

is not confident. This type of query has moderate difficulty.
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• true-low entropy: The model predicts the correct charge with
high confidence. This type of query is usually easy to solve.

• false-high entropy: The model predicts the wrong charge but
is uncertain. This type of query is difficult.

• false-low entropy: The model predicts the wrong charge with
high confidence. This type of query is also difficult.
For each charge, we sample three queries in each category. In

total, there are 50× 12 = 600 common queries in our dataset. Com-
pared to LeCaRDv1, the number of common queries is extended
seven times. This can provide more training signals and more reli-
able evaluation results.

3.3.2 ControversialQuery. TheControversialQuery is a casewhere
legal experts have difficulty reaching a consensus. In general, the
second trial and retrial cases are more complex and require fur-
ther discussion. Therefore, we collect all second trial and retrial
cases in the corpus to construct the controversial query. Following
LeCaRDv1, we sample controversial queries based on the probabil-
ity of revising judgments.

Specifically, we calculate the probability of the charges change
𝑃 , the detail of which can be referred to LeCaRDv1 [23]. Then, as-
suming that the charge 𝐶0 is changed to 𝑝 charges in total, we ar-
range them in descending order 𝑃𝐶0→𝐶1 , 𝑃𝐶0→𝐶2 , ..., 𝑃𝐶0→𝐶𝑝 .𝑇𝑜𝑝−
𝑞 frequent charges are selected and 𝑞 satisfies the following condi-
tions:

𝑞∑
𝑖=1

𝑃𝐶0→𝐶𝑖 ≥ 0.5 (2)

The controversial queries are sampled from the selected charges.
There are a total of 100 controversial queries in this dataset.

3.3.3 ProceduralQuery. Theprocedural query refers to caseswhere
procedural legality is disputed in criminal proceedings. An intu-
itive approach is to select cases related to procedural law. Specifi-
cally, substantive law concerns the set of legal principles that gov-
ern the behavior of individuals and society generally. Procedural
law, also known as adjective law, refers to the regulations and
guidelines that govern the processes involved in creating, imple-
menting, and enforcing substantive law. The criteria for relevance
under procedural lawmay vary from those used in substantive law.

To formulate the procedural query, we gather the relevant key-
words3 related to procedural disputes and utilize them to identify
a set of appropriate procedural queries. Then, for the top-50 fre-
quent charges, we sample two cases for each charge based on the
keyword filtering above as the procedural queries. Finally, a total
of 100 procedural cases are collected in this section.

3.4 Candidate Pooling
In practice, it is impractical and expensive to annotate the rele-
vance of a query to all other cases. To allocate limit judging re-
sources to more promising cases, depth-𝑘 pooling has been applied
in many retrieval datasets [2, 5, 23, 24, 26]. This approach involves
obtaining a document pool from existing retrieval models and then
having annotators label their relevance. For instance, LeCaRDv1
adopts three lexical matching models for pooling and merge the

3These keywords are available in GitHub https://github.com/THUIR/LeCaRDv2.

top-100 retrieved cases into the final pool. However, this simple
pooling strategy retrieves cases with similar properties, whichmay
does not fully exploit promising cases.

To address this issue, we propose a two-level pooling strategy
comprising a retrieval pooling step and a rank pooling step.The re-
trieval pooling step aims to form the candidate set with diversity by
combining sparse lexical matching, dense semantic retrieval, and
law article similarity. Subsequently, the ranking pooling further
prioritizes the cases in the retrieval pool using runs submitted by
previous participants in CAIL2021, with the goal of identifying the
most promising cases for annotation.

3.4.1 Retrieval Pooling. For each query, the retrieval pooling step
selects 100 candidate cases from the large corpus. It combines sparse
lexical matching, dense semantic retrieval, and law article similar-
ity to improve the diversity of candidate sets.

Sparse lexicalmatching: Sparse lexical matchingmethods cal-
culate the similarity based on the same words between the query
and the candidate. In this section, we employ BM25, a classical lex-
ical matching method, to retrieve the relevant case documents. To
be specific, we first apply jieba 4 to split the Chinese sentences into
words. Then we remove the stop words and retrieve the top-100
cases for each query from the entire corpus.

Dense semantic retrieval: In recent years, with the develop-
ment of pre-trained languagemodels, semantic-based dense retrieval
models have attracted considerable attention. Dense retrieval mod-
els typically employ complex neural networks to encode query and
document asℎ𝑞 andℎ𝑑 respectively.The semantic relevance scores
are then calculated by applying the dot product or cosine simi-
larity to their encoded representations. In general, dense retrieval
models can better capture the semantic information of the context
through complex interactions. To construct the pool of LeCaRDv2
with dense retrieval models, we apply RoBERTa [20] as the back-
bone and pre-train it on a legal corpus with whole word mask
(WWM) task. The top-100 relevant case documents for each query
are retrieved with this model.

Law article similarity: The law article similarity aims to cal-
culate the relevant score by the law article cited in the cases. Since
the definition of relevance in the legal field differs from that of the
general domain, it is not sufficient to only use text-based similarity
methods, i.e., lexical matching and semantic retrieval. Therefore,
inspired by inverse document frequency (IDF) [1], we propose In-
verse Provision Frequency (IPF) to measure the similarity of cases
in terms of the law articles. To be specific, we extract the criminal
law articles involved in each case document. Given a specific law
article 𝑃𝑖 , the IPF value is as follows:

𝐼𝑃𝐹𝑃𝑖 = log
|𝐷 |

𝑓 𝑟𝑒𝑞(𝑃𝑖 , 𝐷)
(3)

where |𝐷 | is the size of the corpus and 𝑓 𝑟𝑒𝑞(𝑃𝑖 , 𝐷) represents
the number of cases containing 𝑃𝑖 in corpus 𝐷 . The design of the
IPF is based on the intuition that law articles cited in a large num-
ber of cases may not contain information that is important for a
particular query. In other words, it cannot provide enough infor-
mation to determine relevance. The law article similarity of the
two cases is calculated by summing the IPF values of all co-cited

4https://github.com/fxsjy/jieba
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law articles. As described above, we use IPF to retrieve the top-100
relevant case documents for each query.

To merge the cases retrieved by the three methods described
above into a single pool, we divide them into four groups:
• Group 1: top-25 cases retrieved retrieved by any of the above.

Note that the total number of cases in this groupmay be less than
75, since there may be duplicate cases retrieved with different
methods.

• Group 2: After filtering out the cases in group 1, the remaining
cases occurred in the top-100 cases in all three retrieval models.

• Group 3: After filtering out the cases in group 1, the remain-
ing cases occurred in the top-100 cases for exactly two retrieval
models.

• Group 4: After filtering out the cases in group 1, the remaining
cases occurred in only one retrieval model.
For each query, the candidate pool contains all cases in group

1. Then, we select cases from group 2 to supplement the candidate
pool to 100 cases. If the total number of cases in group 1 and group
2 is less than 100, the leftover cases are sampled from group 3. Sim-
ilarly, cases from group 4 will be added to the candidate pool if
group 3 does not have enough cases. In short, the retrieval pool
contains cases with the highest scores in each retrieval model and
cases retrieved by multiple models. Given a query, we form a pool
of candidate cases with a depth of 100.

3.4.2 Rank Pooling. After retrieval pooling, we conduct rank pool-
ing with the runs provided by participants in the CAIL2021 le-
gal case retrieval track (CAIL2021-LCR). CAIL2021-LCR provides
a candidate case pool with a depth of 100 for each query, and
participants need to re-rank a limited number of cases per query.
These runs are all designed for ranking Chinese criminal law cases,
which is consistent with our dataset. To be specific, we collect
three award-winning runs in CAIL2021-LCR, which are employed
to rank the retrieval case pool. We preserve the top-30 cases of
each run and divide them into 4 four groups.
• Group 1: top-5 cases ranked with the above three runs. There

may be less than 15 cases in this group since some cases may be
duplicates.

• Group 2: After filtering out the cases in group 1, the remaining
cases occurred in the top-30 cases in all three re-rank runs.

• Group 3: After filtering out the cases in group 1, the remaining
cases occurred in the top-30 cases for exactly two re-rank runs.

• Group 4: After filtering out the cases in group 1, the remaining
cases occurred in only one re-reank run.
The rank pool contains all the cases in group 1 and replenishes

them to 30 in the order of group 2, group 3 and group 4 priority.
The rank pool contains cases with the highest scores in each run
and ranked in top-30 by multiple runs.Thus we have generated the
rank case pool with a depth of 30 for each query, where cases are
considered to be more potentially relevant. The rank pool will be
available for legal experts to annotate.

3.5 Relevance judgment Criteria
The Supreme People’s Court of China has published a guidance
document 5 for case relevance under the Chinese legal system.

5http://www.hncourt.gov.cn/public/detail.php?id=181775

There are three main aspects of relevant cases: basic facts, focus
of the disputes, and application of law.

The relevance criteria of LeCaRDv1 focus on basic facts while
ignoring the focus of the disputes and application of law. For this
dataset, we design a more comprehensive relevance criteria, which
follow the official guidance better. Specifically, the advancement
of our relevance criteria is reflected in two aspects. First, the an-
notator needs to judge the Overall Relevance, which follows the
official documents strictly. Second, we propose unique relevance
evaluation criteria in three aspects: characterization, penalty, and
procedure, which comprehensively cover the kinds of information
needs of users in judicial practice to conduct legal case retrieval.
Next, we describe their definitions in detail.

Characterization Relevance: Characterization Relevance fo-
cuses on the basic fact of the case. As with LeCaRDv1, critical fac-
tor is employed to measure Characterization Relevance. Critical
factor has a substantial impact on the trial of the case. Before an-
notation, the assessors need to determine whether the query case
constitutes a crime and what crime it constitutes. The Characteri-
zation Relevance is defined as:

Two cases are defined as relevant in Characterization if the simi-
larity between their critical factors is high.

The critical factors consist of key circumstances and key con-
stitutive elements of the crime (key elements). Key elements are
the legal concept abstraction of key circumstances. The different
legal elements can lead to different judgments. The Characteriza-
tion Relevance labeling is in a four-level setting ranging from 1 to
4 with increasing relevance. Detailed descriptions of the relevant
labels are as follows:
• Label-1: Both key elements and key circumstances are irrele-

vant.
• Label-2: Key circumstances are relevant but key elements are

irrelevant.
• Label-3: Key elements are relevant but key circumstances are

irrelevant.
• Label-4: Both key elements and key circumstances are relevant.

Penalty Relevance: Penalty Relevance focuses on the circum-
stances of sentencing. In reality, we note that although the basic
facts of two cases are similar, the sentences may be different. Be-
fore annotation, the annotator needs to determine the subjective
factors of the defendant and what the defendant has committed.
The Penalty Relevance is defined as:

Two cases are defined as relevant in Penalty if the similarity be-
tween their circumstances of sentencing is high.

The circumstances of sentencing consist of the commission of
the crime and the individual circumstances of the offender. The
commission of the crime includes the criminal pattern, specific
means, tools, harmful results and the impact on society of criminal
behavior. The individual circumstances of the offender include the
offender’s age, experience (previous convictions, repeat offenses),
attitude after the crime (surrender, covering victims’ losses), etc.
The Penalty Relevance labeling is also in a four-level setting rang-
ing from 1 to 4 with increasing relevance. Detailed descriptions of
the relevant labels are as follows:
• Label-1: Both commissions of crime and offender circumstances

are irrelevant.
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Please read the following query case carefully and highlight the key contents (words or
sentences)

邓清⾦、潘淑霞、余⼩燕贩卖毒品、容留他⼈吸毒、⾮法持有毒品案⼀审刑事判决书福某省⽯狮市⼈⺠法院刑事判

决书（2016）闽0581刑初1037号：⽯狮市⼈⺠检察院以狮检公刑诉（2016）1016号起诉书指控被告⼈邓清⾦、潘

淑霞犯贩卖毒品罪，被告⼈余⼩燕犯容留他⼈吸毒罪，于2016年7⽉20⽇向本院提起公诉。

⽯狮市⼈⺠检察院⼜于2016年7⽉25⽇以狮检公刑补诉（2016）1号补充起诉决定书指控被告⼈余⼩燕犯容留他⼈

吸毒罪、贩卖毒品罪，向本院追加起诉。本院依法适⽤普通程序，组成合议庭，公开开庭审理了本案。⽯狮市⼈⺠

检察院指派检察员尤鑫洋出庭⽀持公诉，被告⼈邓清⾦、潘淑霞、余⼩燕和辩护⼈柯志欣、冯春波到庭参加诉讼。

现已审理终结⽯狮市⼈⺠检察院指控，（⼀）容留他⼈吸毒1.2015年8⽉⾄2016年1⽉间，被告⼈余⼩燕先后三次在

⽯狮市⾹江路其租住的吉祥公寓612房间，容留被告⼈潘淑霞吸⻝毒品甲基苯丙胺（冰毒）。2.2016年1⽉，被告⼈

余⼩燕在⽯狮市⾹江路吉祥公寓612房间，先后⼆次容留陈某、王某林吸⻝毒品甲基苯丙胺。（⼆）贩卖毒品

1.2015年12⽉的⼀天，被告⼈潘淑霞在⽯狮市九⼆路东段某设银⾏附近路边，以⼈⺠币800元的价格贩卖10克毒品

甲基苯丙胺给李某某（另案处理）。2.2016年1⽉的⼀天，被告⼈潘淑霞在⽯狮市⾹江路吉祥公寓612房间，以⼈⺠

币400元的价格贩卖4克毒品甲基苯丙胺给被告⼈余⼩燕。3.2016年4⽉，被告⼈余⼩燕在⽯狮市吉祥公寓612房

间，先后⼆次贩卖毒品甲基苯丙胺给陈某、王某林。2016年1⽉27⽇，公安⼈员在⽯狮⼋七路⼯商银⾏附近抓获被

告⼈潘淑霞。被告⼈潘淑霞被抓获后协助公安⼈员通过电话联系被告⼈邓清⾦购买毒品。被告⼈邓清⾦在⽯狮市嘉

禄路绿馨⼩区⼆号楼204室其住处，以⼈⺠币200元的价格贩卖毒品甲基苯丙胺0.29克给被告⼈潘淑霞，后被公安⼈

员当场抓获，公安⼈员另从被告⼈邓清⾦处扣押毒品甲基苯丙胺11.69克。次⽇凌晨，被告⼈潘淑霞协助公安⼈员在

⽯狮市767酒店对⾯⼀公寓三楼抓获被告⼈余⼩燕。公诉机关向法庭提供了书证、证⼈证⾔、检验报告、辨认笔

录、通话视频及被告⼈供述等证据，认为对被告⼈邓清⾦、潘淑霞应以贩卖毒品罪追究其刑事责任，对被告⼈余⼩

燕应以贩卖毒品罪、容留他⼈吸毒罪追究其刑事责任。被告⼈潘淑霞有⽴功表现，可从轻或减轻处罚。提请本院对

三被告⼈依法判处。被告⼈邓清⾦在法庭上辩解其没有贩卖毒品给潘淑霞，对公安机关从其住处扣押的毒品甲基苯

丙胺11.69克没有异议，但辩解是要⾃⼰吸⻝。其辩护⼈提出指控被告⼈邓清⾦贩卖毒品给潘淑霞的证据不⾜，罪名

不能成⽴。被告⼈潘淑霞在法庭上对公诉机关指控的犯罪事实及罪名均⽆异议，表示⾃愿认罪。被告⼈余⼩燕在法

庭上对公诉机关指控其三次容留潘淑霞吸毒的事实没有异议，辩解其没有容留陈某、王某林吸毒，也没有贩卖毒品

给陈某、王某林。其辩护⼈提出：1.指控被告⼈余⼩燕贩卖毒品给陈某、王某林及容留陈某、王某林吸毒的主要证

据之间相互⽭盾，未达到刑事证明标准，其指控不能成⽴。2.被告⼈余⼩燕对指控其容留潘淑霞吸毒如实供述，主

动认罪，且系单亲⺟亲，某议法庭予以从轻处罚。

经审理查明，（⼀）容留他⼈吸毒1.2015年8⽉⾄2016年1⽉间，被告⼈余⼩燕先后三次在其租住的⽯狮市⾹江路吉

祥公寓612房间，容留被告⼈潘淑霞吸⻝毒品甲基苯丙胺。2.2016年1⽉间，被告⼈余⼩燕先后⼆次在其租住的⽯狮

市⾹江路吉祥公寓612房间，容留陈某、王某林吸⻝毒品甲基苯丙胺。（⼆）贩卖毒品1.2015年12⽉的⼀天，被告

⼈潘淑霞在⽯狮市九⼆路东段中国某设银⾏附近路边，以⼈⺠币800元的价格贩卖10克毒品甲基苯丙胺给李某某

（已判刑）。2.2016年1⽉的⼀天，被告⼈潘淑霞在⽯狮市⾹江路吉祥公寓612房间，以⼈⺠币400元的价格贩卖4

克毒品甲基苯丙胺给被告⼈余⼩燕。2016年1⽉27⽇，公安⼈员在⽯狮⼋七路⼯商银⾏附近抓获被告⼈潘淑霞。被

告⼈潘淑霞被抓获后，协助公安⼈员在⽯狮市嘉禄路绿馨⼩区⼆号楼204室抓获被告⼈邓清⾦。公安⼈员从被告⼈

邓清⾦住处扣押毒品甲基苯丙胺11.69克。次⽇凌晨，被告⼈潘淑霞协助公安⼈员在⽯狮市767酒店对⾯⼀公寓三楼

抓获被告⼈余⼩燕。被告⼈余⼩燕在本案取保候审期间，因再次涉嫌毒品犯罪于2016年7⽉8⽇凌晨被抓获。上述事

实，公诉机关提供以下证据证实：1.书证（1）⼯作说明，证实各被告⼈的归案经过及本案的侦破过程。

潘淑霞归案后协助抓获邓清⾦和余⼩燕。（2）户籍证明、⾏政处罚决定书、刑事判决书，证实各被告⼈的身份情

况；潘淑霞于2014年2次因吸毒被⽯狮市公安局⾏政处罚；余⼩燕于2015年1次因吸毒被晋江市公安局⾏政处罚。

李某某因犯贩卖毒品罪被本院判处刑罚。（3）呈请控制下交付报告书，证实潘淑霞归案后配合公安机关抓获邓清

⾦。（4）通话清单，证实邓清⾦持有的⼿机号码13559587712与潘淑霞持有的⼿机号码13559630472于2016年1

⽉份有多次通话记录。潘淑霞与余⼩燕持有的⼿机号码13295950037于2016年1⽉15⽇⾄16⽇有多次通话记录。

（5）医院病历、⼩孩照⽚，证实余⼩燕于2015年5⽉5⽇顺产⼀名男婴。（6）毒品实物缴交收据，证实本案上缴毒

品甲基苯丙胺11.69克（在邓清⾦处扣押）、0.29克（在潘淑霞处扣押）（7）住房合约书及付款凭证，证实余⼩燕

于2014年2⽉26⽇开始租赁吉祥公寓612室。2.证⼈证⾔（1）证⼈李某某证⾔，证实2015年12⽉中旬，其⽤微信联

系“⿊云”（经辨认系潘淑霞）问她有没有东⻄（指冰毒），她问其要⼲嘛，其说⾃⼰吃。她说问⼀下，其⼜说能不

能拿到每克50元的毒品。

过了⼀会，她微信回复1克⾄少80元，当时其没钱就没买。⼜过了⼏天，其⼜与潘淑霞联系要买10克东⻄，她说可

以，约在九⼆路东段某设银⾏附近路边⻅⾯。潘淑霞拿了⼀包10克的冰毒给其，其给她800元。潘淑霞卖冰毒给其

前知道其在卖冰毒，其曾告诉潘淑霞因为⽣活所迫卖冰毒，让她帮帮其，她还劝其别卖了。潘淑霞说过，她的冰毒

是去找朋友那⾥买的，她⾃⼰从中赚⼀点差价。（2）证⼈陈某证⾔，证实：①1⽉份的⼀天中午，其和王某林到余

⼩燕的吉祥公寓612房间，看到余⼩燕房间桌⼦上⾯有吸毒⼯具，还有⼀些冰毒，其与王⼀起吸⻝。②2⽉份的⼀天

晚上，听说余⼩燕前段时间被派出所抓了，其与王某林到吉祥公寓612找到余。电脑桌上放着⼀些冰毒和吸毒⼯

具。其问余可以吸⼀点吗？余说可以。其与王某林各吸⼏⼝冰毒。（3）证⼈王某林证⾔，证实①2016年1⽉份的⼀

天下午，其和陈某到吉祥公寓612房间找余⼩燕。其看到房间桌上摆放冰毒和吸毒⼯具。陈某吸⼏⼝，其也吸⻝⼀

些冰毒。②2016年2⽉份的⼀天晚上，其和陈某到吉祥公寓612号余⼩燕家中。其看到电脑桌上摆放冰毒和吸毒⼯

具，陈某⾃⼰吸⻝⼀些，其也吸⻝⼀些。（4）证⼈徐某锋（吉祥公寓的房东）证⾔，证实余⼩燕⾃2014年2⽉26⽇

开始租赁吉祥公寓612房间，并有签订租赁合约。

3.鉴定意⻅泉州市公安局物证鉴定所出具的《检验报告》，证实本案送检的3包毒品检材均检出甲基苯丙胺。4.检

查、辨认、称重等笔录（1）搜查证、搜查笔录、扣押笔录、扣押决定书、扣押物品清单、照⽚，证实公安机关于

2016年1⽉28⽇5时，对⽯狮市嘉禄路绿馨⼩区2号楼204房间进⾏搜查，扣押2部⼿机、2包疑似冰毒的⽩⾊颗粒状

物品，电脑桌上两张⾯值100元的⼈⺠币、⼀个改装的带有吸管的矿泉⽔瓶及7张纸张，纸张上记载⼀些化学名称、

化学公式以及关于吡啶的说明等。（2）称量笔录（附称重照⽚），证实从邓清⾦房间内扣押的两包疑似冰毒净重分

别为10.57克、1.12克。从潘淑霞处扣押的⼀包疑似冰毒净重0.34克。（3）扣押笔录（附扣押决定书、清单）、发

还清单，证实从潘淑霞处查获⼀包疑似冰毒⽩⾊颗粒状物品，扣押1部⼿机。⼈⺠币200元发还给潘淑霞。（4）辨

认笔录（附头像及身份说明），证实：①李某某辨认出“⿊云”系潘淑霞；②余⼩燕辨认出“⼩云”系潘淑霞；③潘淑霞

辨认出“肥利”系李某某，“⽼的”系邓清⾦；④邓清⾦辨认出“云啊”系潘淑霞；⑤徐明锋辨认出余⼩燕。（5）辨认笔

录（附作案地点照⽚），证实：①余⼩燕辨认容留他⼈吸毒的地点是⽯狮市⾹江路后花加油站对⾯吉祥公寓612房

间；②潘淑霞辨认出被余⼩燕容留吸毒的地点是⽯狮市⾹江路后花加油站对⾯吉祥公寓612房间；③邓清⾦辨认其

居住地点是⽯狮市嘉禄路绿馨⼩区⼆号楼204房间。

（6）现场笔录、现场检测报告书、尿检照⽚，证实邓清⾦经冰毒试剂尿检呈阳性。潘淑霞、余⼩燕经冰毒、摇头丸

试剂尿检呈阳性。5.视听资料证实潘淑霞于2016年1⽉27⽇在公安机关控制下打电话与邓清⾦，通话内容如下：

潘：“喂，在哪⾥？”邓：“在家⾥。”潘：“我现在过去？”邓：“来了再说。”6.被告⼈供述（1）被告⼈余⼩燕供述，①

这个⽉初（指2016年），“⼩云”（经辨认系潘淑霞）到其吉祥公寓612房间，其问她哪⾥可以买冰毒。她打了电话

以后，说单买1克要200元，买5克算500元。因为其只有400元，潘淑霞拿着其的400元出去买冰毒。过了⼀会⼉，

潘淑霞回到其住处，拿了⼀包冰毒给其，其和潘淑霞倒出⼀点冰毒吸⻝。②⼆三个⽉前的⼀天，潘淑霞来其住处，

其和潘淑霞⼀起吸毒。这次吸的冰毒，其不记得是潘淑霞带来的，还是其⾃⼰的。③半年前刚认识潘淑霞时，潘淑

霞来其住处，其拿出朋友之前留下的冰毒，两⼈⼀起吸。因为其和潘淑霞都有吸毒，其不认识卖冰毒的，其叫她帮

忙买冰毒，其可以免费请她吸。其知道她买冰毒⽐较便宜，也许可以从中赚差价。2016年1⽉28⽇，其到767对⾯

⼀家公寓三楼朋友的房间玩，后来潘淑霞来找其。她来没多久，警察就把他们抓了。

（2）被告⼈潘淑霞供述，有关贩毒⽅⾯，证实：①半个⽉前的⼀天，在余⼩燕住处，余⼩燕问其有没有地⽅买冰

毒，说要4克。其向他⼈以400元买了5克。其拿着冰毒到余⼩燕住处，从5克冰毒中倒出约1克放在⾃⼰身上，剩下

的4克给余⼩燕，收她400元。②2015年12⽉中旬的⼀天，“肥利”（经辨认系李某某）打电话给其要买10克冰毒，其

到他⼈处拿了10克冰毒。其和李某某在九⼆路东段某设银⾏附近，把10克冰毒给李某某，李某某给其800元。有关

到余⼩燕住处吸毒⽅⾯，证实：①2015年8⽉左右，其到余⼩燕住处位于⽯狮市⾹江路后花加油站对⾯吉祥公寓612

房间，余⼩燕拿出⼀包冰毒，两⼈⼀起吸。②2015年12⽉中旬的⼀天，其到余⼩燕住处，余⼩燕拿出⼀包冰毒，两

⼈⼀起吸。③半个⽉前的⼀天，其向他⼈买了5克冰毒，将其中4克拿给余⼩燕后，余⼩燕倒出⼀点冰毒，两⼈⼀起

吸。（3）被告⼈邓清⾦供述，证实于2016年1⽉27⽇，“云啊”（经辨认潘淑霞）打电话给其，问其⽅不⽅便，她要

来找其，其就说要就过来，然后她就来了。其在住的⽯狮市嘉禄路绿馨⼩区2号楼204房间和潘淑霞⼀起吸冰毒，吸

完后潘淑霞向其讨要⼀些冰毒带回去吸。其就让她⾃⼰倒⼀点，然后她就⾃⼰倒了⼀点冰毒。

她离开打开房⻔时，⺠警冲进来把他们抓住。当场从潘淑霞身上搜出⼀⼩包冰毒，从其房间内搜出两包冰毒，现⾦

200元和⼀个⽤矿泉⽔瓶做的简易吸毒⼯具。两包冰毒是其⽤来⾃⼰吸的。以上证据经法庭举证、质证，证据能互

为印证，可作为定证据，本院予以采纳。关于公诉机关指控被告⼈余⼩燕于2016年1⽉间先后⼆次容留陈某、王某

林吸毒的事实，经查，吸毒者陈某、王某林证⾔所述在关于到被告⼈余⼩燕住处吸毒的时间、地点、毒品摆放位置

等细节能互为印证，指控的事实可以认定。被告⼈余⼩燕辩解称不认识此两⼈，却有通话清单证实被告⼈余⼩燕与

陈某有电话联系的事实，故被告⼈余⼩燕及其辩护⼈对此辩解及辩护意⻅不能成⽴，不予采纳。关于公诉机关指控

被告⼈余⼩燕先后⼆次贩卖毒品给陈某、王某林的事实，经查，①关于指控第⼀次贩毒，证⼈陈某、王某林均称

2016年4⽉初的⼀天晚上21时许，陈某通过⼿机13159021021和余⼩燕联系（她的电话号码记不清楚，只记得尾数

是0037）购买毒品。但在案证据表明，陈某和余⼩燕在此时间段内的通话清单未能体现陈某主叫余⼩燕；②关于指

控第⼆起贩毒，证⼈陈某称是余⼩燕通过微信与其联系毒品交易。证⼈王某林称是4⽉份⼀天下午及晚上23时许，

余⼩燕⽤（号码尾数是0037）的电话打陈某的13159021021的⼿机联系毒品交易。

⼆名证⼈所述陈某与余⼩燕联系该次毒品交易的⽅式不⼀致，且缺乏陈某与余⼩燕之间于该时间段内的通话记录或

微信联系记录予以佐证。综上，证⼈陈某、王某林的证⾔与在案的客观证据存在⽭盾，并且被告⼈余⼩燕⾃归案后

直⾄庭审中对此指控均予以否认，故此指控尚属证据不⾜，不能成⽴。被告⼈余⼩燕及其辩护⼈对此辩解及辩护意

⻅予以采纳。关于公诉机关指控被告⼈邓清⾦贩卖毒品甲基苯丙胺0.29克给潘淑霞的事实，经查，虽然被告⼈潘淑

霞归案后直⾄庭审中都指认被告⼈邓清⾦有贩毒给她，但其供述结合其他证据分析存在⽭盾之处：⼀是两⼈事先电

话联系虽是在公安机关控制下进⾏通话，但通话内容未涉及毒品交易事项；⼆是潘淑霞在供述向邓清⾦买毒品的细

节上有反复，如当场查扣的200元的性质是购毒款或部分购毒款部分⽋款或全部是⽋款，毒品是邓清⾦⽤电⼦称重

给其或⾃⼰倒；毒品的重量是1克或0.29克等等；三是邓清⾦系当场被抓，但扣押物品中没有电⼦称；四是综合考虑

毒品交易⼀般市场价格及被告⼈潘淑霞在本案中贩卖给他⼈的毒品价格，起诉书指控被告⼈潘淑霞以200元的价格

购买0.29克毒品显然异常。结合被告⼈邓清⾦⾃归案后直⾄庭审中始终否认有贩毒给潘淑霞的辩解，故本指控属事

实不清，证据不⾜，不能成⽴。

以下法院判决内容供参考：

本院认为，被告⼈潘淑霞故意贩卖毒品甲基苯丙胺，其⾏为已构成贩卖毒品罪，贩卖毒品的数量为14克。被告⼈余

⼩燕提供场所多次容留他⼈吸⻝毒品，其⾏为已构成容留他⼈吸毒罪。公诉机关指控被告⼈潘淑霞、余⼩燕的罪名

成⽴，但指控被告⼈余⼩燕犯贩卖毒品罪不能成⽴。被告⼈邓清⾦明知是毒品甲基苯丙胺⽽持有，数量在10克以

上，其⾏为已构成⾮法持有毒品罪。公诉机关指控被告⼈邓清⾦犯贩卖毒品罪不能成⽴。对被告⼈邓清⾦指控的罪

名因与审理认定的罪名不⼀致，在庭审中经法庭释明并听取控辩双⽅的意⻅，各⽅均表示没有异议。被告⼈潘淑霞

归案后协助公安机关抓获被告⼈邓清⾦、余⼩燕，有⽴功表现，可以减轻处罚。被告⼈潘淑霞有认罪坦⽩情节，可

从轻处罚。考虑被告⼈余⼩燕的认罪情节及家中尚有年幼孩⼦需要抚养，可予以从轻处罚。辩护⼈提出对余⼩燕从

轻处罚的辩护意⻅予以采纳。综上，根据《中华⼈⺠共和国刑法》第三百四⼗七条第⼀、四、七款、第三百四⼗⼋

条、第三百五⼗四条、第六⼗⼋条、第六⼗七条第三款、第六⼗四条及《最⾼⼈⺠法院关于审理毒品犯罪案件适⽤

法律若⼲问题的解释》第⼗⼆条第⼀款第（⼆）项的规定，判决如下⼀、被告⼈潘淑霞犯贩卖毒品罪，判处有期徒

刑五年，并处罚⾦⼈⺠币六千元。（刑期从判决执⾏之⽇起计算。判决执⾏以前先⾏羁押的，羁押⼀⽇折抵刑期⼀

⽇，即⾃2016年1⽉27⽇起⾄2021年1⽉26⽇⽌。罚⾦限于本判决⽣效后⼗⽇内缴纳。）⼆、被告⼈邓清⾦犯⾮法

持有毒品罪，判处有期徒刑⼀年，并处罚⾦⼈⺠币五千元。（刑期从判决执⾏之⽇起计算。判决执⾏以前先⾏羁押

的，羁押⼀⽇折抵刑期⼀⽇，即⾃2016年1⽉27⽇起⾄2017年1⽉26⽇⽌。罚⾦限于本判决⽣效后⼗⽇内缴纳。）

三、被告⼈余⼩燕犯容留他⼈吸毒罪，判处有期徒刑九个⽉，并处罚⾦⼈⺠币三千元。（刑期从判决执⾏之⽇起计

算。判决执⾏以前先⾏羁押的，羁押⼀⽇折抵刑期⼀⽇，即⾃2016年7⽉8⽇起⾄2017年4⽉5⽇⽌。罚⾦限于本判

决⽣效后⼗⽇内缴纳。）四、扣押被告⼈邓清⾦⼿机⼆部和⾃制吸毒⼯具⼀套，扣押被告⼈潘淑霞⼿机⼀部，扣押

被告⼈余⼩燕⼿机⼀部和⾃制吸毒⼯具⼀套，均予以没收，由扣押机关⽯狮市公安局依法处理。继续追缴被告⼈潘

淑霞贩毒违法所得⼈⺠币⼀千⼆百元，上缴国库。如不服本判决，可在接到判决书的第⼆⽇起⼗⽇内，通过本院或

者直接向福某省泉州市中级⼈⺠法院提出上诉。

Start Annotation

The first trial criminal judgment (2016) on the case of Deng, Pan and Yu trafficking in drugs, 
allowing others to take drugs, and illegal possession of drugs: the A city procuratorate charged 
defendants Deng, Pan with the crime of trafficking in drugs and defendant Yu with the crime of 
allowing others to take drugs, which was filed with this court on July 20, 2016. The People's 
Procuratorate further charged the defendant Yu with the crimes of allowing others to take drugs 
and drug trafficking on July 25, 2016, and filed additional charges with this court.
The case was applied to ordinary procedures according to law, and the panel was formed to hear 
the case in open session. People‘s Procuratorate procurator attended the court to support the 
prosecution. The defendant and the defender attended the court to participate in the proceedings. 
The People’s Procuratorate charged: 1. allowing others to take drugs. From August 2015 to 
January 2016, Defendant Yu allowed Defendant Pan to take drugs three times in his rented 
room 612. In January 2016, Defendant Yu allowed Pan to take drugs two times in room 612. 2. 
drug trafficking. in December 2015, the defendant trafficked 10 grams of methamphetamine to 
Li at a roadside near a bank for RMB 800. in January 2016, defendant Pan trafficked 4 grams of 
methamphetamine to defendant Yu for RMB 400. on January 27, 2016, public security officers 
arrested defendant Pan near a bank. Defendant Pan assisted the public security officers in 
contacting Defendant Deng by telephone to purchase the drugs. Defendant Deng was later 
arrested by public security officers. Public security officers seized 11.69 grams of drugs from 
Deng. In the early hours of the following day, defendant Pan assisted the public security 
officers in their apartment to capture the defendant Yu. The public prosecution provided the 
court with documentary evidence, witness testimonies, test reports, identification transcripts, 
call videos and confessions of the defendants, etc. The defendant Pan has shown meritorious 
performance and may be given a lighter or lesser punishment. Defendant Deng argued in court 
that he did not sell drugs to Pan. He did not dispute that the public security authorities seized 
11.69 grams of drugs from his residence, but argued that he wanted to take them himself. His 
defense pointed out that there was insufficient evidence to charge the defendant Deng with drug 
trafficking and the charge could not be established. 
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Ꙉ某某贩卖毒品、李某某容留他⼈吸毒⼀审刑事判决书福建省⽯狮市⼈⺠法院刑事判决书（2016）闽0581刑初919

号：⽯狮市⼈⺠检察院以狮检公刑诉（2016）908号起诉书指控被告⼈陈少峰犯贩卖毒品罪、容留他⼈吸毒罪，被

告⼈李某某犯容留他⼈吸毒罪，于2016年6⽉27⽇向本院提起公诉。

本院依法适⽤普通程序，组成合议庭，公开开庭审理了本案。⽯狮市⼈⺠检察院指派检察员陈玳鸿、尤鑫洋出庭⽀

持公诉，被告⼈陈少峰及其辩护⼈陈清意、被告⼈李某某及其辩护⼈郭少忠到庭参加诉讼。现已审理终结⽯狮市⼈

⺠检察院指控，1、容留他⼈吸毒。2015年10⽉⾄12⽉间，被告⼈陈少峰先后三次在⽯狮市⽯狮市⼦芳路364号公

寓，容留⻩某甲吸⻝毒品甲基苯丙胺（冰毒）。2016年2⽉17⽇，被告⼈李某某在⽯狮市泉冠酒店1226房间，容留

⻩某甲吸⻝毒品甲基苯丙胺。2016年2⽉23⽇，被告⼈李某某在⽯狮市泉冠酒店1226房间，容留被告⼈陈少峰及⻩

某⼄吸⻝毒品甲基苯丙胺。2016年2⽉24⽇，被告⼈李某某在⽯狮市泉冠酒店1226房间，容留⻩某⼄吸⻝毒品甲基

苯丙胺。2、贩卖毒品。2016年2⽉11⽇，被告⼈陈少峰到⽯狮市泉冠酒店1226房间，以⼈⺠币300元的价格贩卖毒

品甲基苯丙胺给被告⼈李某某。2016年2⽉23⽇，被告⼈陈少峰到⽯狮市泉冠酒店1226房间，以⼈⺠币300元的价

格贩卖毒品甲基苯丙胺给被告⼈李某某。2016年2⽉25⽇，被告⼈陈少峰到⽯狮市泉冠酒店1226房间，以⼈⺠币

299.5元的价格贩卖2包毒品甲基苯丙胺给被告⼈李某某。2016年2⽉25⽇，公安⼈员在泉冠酒店1226房间内抓获被

告⼈李某某、陈少峰及⻩某⼄、⻩某甲，并在该房间扣押前述2包毒品甲基苯丙胺，公安⼈员另从被告⼈陈少峰处扣

押3包毒品甲基苯丙胺。经查，扣押的毒品甲基苯丙胺共计2.1克。经鉴定，扣押的毒品检出甲基苯丙胺。公诉机关

指控上述事实的证据有1、户籍证明、到案经过等书证；2、证⼈⻩某甲、⻩某⼄等⼈的证⾔；3、被告⼈陈少峰、

李某某的供述和辩解；4、泉州市公安局物证鉴定所出具的《检验报告》等鉴定意⻅；5、被告⼈陈少峰、李某某及

证⼈⻩某甲、⻩某⼄等⼈的辨认笔录。据此，公诉机关认为，被告⼈陈少峰多次故意贩卖毒品甲基苯丙胺，情节严

重，还多次容留他⼈吸⻝毒品，其⾏为已构成贩卖毒品罪、容留他⼈吸毒罪，应实⾏数罪并罚；被告⼈李某某多次

容留他⼈吸⻝毒品，其⾏为已构成容留他⼈吸毒罪。提请本院依法判处。法庭上，被告⼈李某某、陈少峰对公诉机

关的指控均⽆意⻅，并表示⾃愿认罪。

经审理查明：1、容留他⼈吸毒2015年10⽉⾄12⽉间，被告⼈陈少峰先后三次在⽯狮市⽯狮市⼦芳路364号公寓，

容留⻩某甲吸⻝毒品甲基苯丙胺（冰毒）。2016年2⽉17⽇，被告⼈李某某在⽯狮市泉冠酒店1226房间，容留⻩某

甲吸⻝毒品甲基苯丙胺。2016年2⽉23⽇，被告⼈李某某在⽯狮市泉冠酒店1226房间，容留被告⼈陈少峰及⻩某⼄

吸⻝毒品甲基苯丙胺。2016年2⽉24⽇，被告⼈李某某在⽯狮市泉冠酒店1226房间，容留⻩某⼄吸⻝毒品甲基苯丙

胺。2、贩卖毒品2016年2⽉11⽇，被告⼈陈少峰到⽯狮市泉冠酒店1226房间，以⼈⺠币300元的价格贩卖毒品甲基

苯丙胺给被告⼈李某某。2016年2⽉23⽇，被告⼈陈少峰到⽯狮市泉冠酒店1226房间，以⼈⺠币300元的价格贩卖

毒品甲基苯丙胺给被告⼈李某某。2016年2⽉25⽇，被告⼈陈少峰到⽯狮市泉冠酒店1226房间，以⼈⺠币299.5元

的价格贩卖毒品甲基苯丙胺给被告⼈李某某。2016年2⽉25⽇，公安⼈员在泉冠酒店1226房间内抓获被告⼈李某

某、陈少峰及⻩某⼄、⻩某甲，并在该房间查获并扣押2⼩包毒品甲基苯丙胺，另从被告⼈陈少峰身上查获并扣押3

⼩包毒品甲基苯丙胺。

扣押的毒品甲基苯丙胺共计2.1克。经鉴定，扣押的毒品均检出甲基苯丙胺。另查明，经尿检，被告⼈陈少峰、李某

某及⻩某甲、⻩某⼄的尿检均呈阳性。当场公安机关还扣押吸毒⼯具插有吸管的矿泉⽔瓶、锡纸2张及放毒品盒⼦2

个。上述事实，有下列证据予以证实：1、证⼈⻩某甲证⾔，证实被告⼈陈少峰分别于2015年10⽉份的⼀天、2015

年11⽉份的⼀天、2015年12⽉份的⼀天，三次在所开的⽯狮市⼦芳路364号公寓303房间、305房间、205房间容留

她吸⻝毒品冰毒。2016年2⽉17⽇，被告⼈李某某在所开的⽯狮市泉冠酒店1226房间容留她吸⻝毒品冰毒。陈少峰

经常有毒品，应该是有在卖毒品。2、证⼈⻩某⼄证⾔，证实2016年2⽉23⽇，被告⼈李某某在所开的⽯狮市泉冠酒

店1226房间容留她和被告⼈陈少峰吸⻝毒品冰毒。2016年2⽉24⽇，被告⼈李某某在所开的⽯狮市泉冠酒店1226房

间容留她吸⻝毒品冰毒。她有⻅过陈少峰拿毒品冰毒给李某某。3、公安机关⼯作说明，证实抓获被告⼈陈少峰、李

某某的经过等情况。4、检查笔录、现场照⽚，证实2016年2⽉25⽇，公安⼈员在⽯狮市泉冠酒店1226房间内抓获

被告⼈李某某、陈少峰及⻩某⼄、⻩某甲，在该房间客厅查获2⼩包毒品及插有吸管的矿泉⽔瓶、锡纸2张、放毒品

盒⼦1个，并从被告⼈陈少峰身上查获3⼩包毒品及放毒品盒⼦1个。

5、扣押笔录、扣押决定书及扣押清单，证实从被告⼈陈少峰、李某某处扣押的物品、数量、特征情况。6、辨认笔

录，证实被告⼈陈少峰分别辨认出被告⼈李某某、证⼈⻩某甲、⻩某⼄，并指认⽯狮市⼦芳路364号公寓303房间、

305房间、205房间就是他三次分别容留证⼈⻩某甲吸⻝毒品的具体地点。被告⼈李某某分别辨认出被告⼈陈少峰、

证⼈⻩某甲、⻩某⼄，并指认⽯狮市⾦林路25号泉冠酒店1226房间就是他多次容留被告⼈陈少峰、证⼈⻩某甲、⻩

某⼄吸⻝毒品的具体地点。证⼈⻩某甲分别辨认出被告⼈陈少峰、李某某，并指认⽯狮市⼦芳路364号公寓303房

间、305房间、205房间就是被告⼈陈少峰三次容留她吸⻝毒品的具体地点。证⼈⻩某⼄分别辨认出被告⼈陈少峰、

李某某。7、现场检测报告书及照⽚，证实被告⼈陈少峰、李某某及证⼈⻩某甲、⻩某⼄的尿检均呈阳性的情况。

8、称重笔录及照⽚，证实扣押的毒品的称量情况。9、物证鉴定所检验报告，证实被扣押的毒品均检出甲基苯丙

胺。10、毒品实物缴交收据，证实扣押的毒品已上缴到⽯狮市禁毒委员会。11、⼿机截图记录，证实被告⼈陈少峰

三次收到李某某毒资的微信转账记录情况。12、⽯狮市泉冠酒店帐单，证实被告⼈李某某在⽯狮市泉冠酒店1226房

间开房的情况。

13、⾏政处罚决定书，证实证⼈⻩某甲、⻩某⼄因吸⻝冰毒于2016年2⽉26⽇被⽯狮市公安局处以⾏政拘留。14、

户籍证明，证实被告⼈陈少峰、李某某的出⽣⽇期等基本情况。15、被告⼈陈少峰的供述，称2015年10⽉份的⼀

天、11⽉份的⼀天、12⽉份的⼀天，他先后三次在⽯狮市荣誉酒店附近的⼀间⼩旅馆（⼦芳路364号公寓）容留⻩

某甲吸毒毒品冰毒，房间是他去开的，房费每次是⼈⺠币30元，他三次共⽀付房费计⼈⺠币90元。他帮李某某拿过

三次毒品冰毒，2016年正⽉的⼀天，李某某问他有没有冰毒，他向⼀个外地的男⼦买了200元冰毒给李某某，李某

某⽤微信转帐300元给他；2016年2⽉23⽇，李某某让他再搞点冰毒，他⼜向那个外地的男⼦买了200元冰毒给李某

某，李某某⽤微信转帐300元给他；2016年2⽉25⽇，李某某⼜向他说要冰毒，他身上刚好有向那个外地的男⼦买

的200元冰毒就给李某某，李某某⽤微信转帐299.5元给他。16、被告⼈李某某的供述，称2016年2⽉17⽇，他在所

开的⽯狮市泉冠酒店1226房间容留⻩某甲吸⻝毒品冰毒；2016年2⽉23⽇，他在所开的⽯狮市泉冠酒店1226房间，

容留陈少峰及⻩某⼄吸⻝毒品冰毒；2016年2⽉24⽇，他在⽯狮市泉冠酒店1226房间容留⻩某⼄吸⻝毒品冰毒。

2016年2⽉11⽇，被告⼈陈少峰帮他购买毒品冰毒，他⽀付300元给陈少峰；2016年2⽉23⽇，被告⼈陈少峰⼜帮

他购买毒品冰毒，他⽀付300元给陈少峰；2016年2⽉25⽇，被告⼈陈少峰⼜帮他购买毒品冰毒，他⽀付299.5元给

陈少峰；三次他都是通过微信转帐给陈少峰。

本院认为，被告⼈陈少峰故意贩卖毒品甲基苯丙胺，其⾏为已构成贩卖毒品罪；被告⼈陈少峰还⼆年内多次容留他

⼈吸⻝毒品，其⾏为已构成容留他⼈吸毒罪。被告⼈李某某⼆年内多次容留他⼈吸⻝毒品，其⾏为已构成容留他⼈

吸毒罪。公诉机关指控的罪名成⽴。被告⼈陈少峰三次贩卖毒品甲基苯丙胺，属多次贩卖毒品，应认定为刑法第三

百四⼗七条第四款规定的“情节严重”。被告⼈陈少峰⼀⼈犯数罪，应当实⾏数罪并罚。被告⼈陈少峰、李某某如实

供述⾃⼰的罪⾏，均可以从轻处罚。被告⼈陈少峰、李某某的辩护⼈分别提出对被告⼈陈少峰、李某某从轻处罚的

辩护意⻅，均予以采纳。依照《中华⼈⺠共和国刑法》第三百四⼗七条第⼀、四、七款、第三百五⼗四条、第六⼗

九条、第六⼗七条第三款、第六⼗四条及《最⾼⼈⺠法院关于审理毒品犯罪案件适⽤法律若⼲问题的解释》第四条

第（⼀）项、第⼗⼆条第⼀款第（⼆）项的规定，判决如下⼀、被告⼈陈少峰犯贩卖毒品罪，判处有期徒刑三年，

并处罚⾦⼈⺠币三千元；犯容留他⼈吸毒罪，判处有期徒刑六个⽉，并处罚⾦⼈⺠币⼆千元。决定执⾏有期徒刑三

年四个⽉，并处罚⾦⼈⺠币五千元。（刑期从判决执⾏之⽇起计算。判决执⾏以前先⾏羁押的，羁押⼀⽇折抵刑期

⼀⽇。即⾃2016年2⽉25⽇起⾄2019年6⽉24⽇⽌。罚⾦限于本判决⽣效之⽇起⼗⽇内缴纳）。⼆、被告⼈李某某

犯容留他⼈吸毒罪，判处有期徒刑六个⽉，并处罚⾦⼈⺠币⼆千元。（刑期从判决执⾏之⽇起计算。判决执⾏以前

先⾏羁押的，羁押⼀⽇折抵刑期⼀⽇。即⾃2016年2⽉25⽇起⾄2016年8⽉24⽇⽌。罚⾦限于本判决⽣效之⽇起⼗

⽇内缴纳）。三、扣押在案的作案⼯具插有吸管的矿泉⽔瓶⼀个、锡纸⼆张及放毒品盒⼦⼆个，予以没收，由扣押

机关⽯狮市公安局依法处理。追缴被告⼈陈少峰的违法所得⼈⺠币⼋百九⼗九元五⻆，予以没收，上缴国库。如不

服本判决，可在接到判决书的第⼆⽇起⼗⽇内，通过本院或者直接向福建省泉州市中级⼈⺠法院提出上诉。
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The first trial criminal judgment (2016) on Chen‘s drug trafficking and Li’s allowing others to 
take drugs: the A City People's Procuratorate charged defendant Chen with the crime of drug 
trafficking and allowing others to take drugs and defendant Li with the crime of allowing others 
to take drugs by public prosecution of sentence (2016) 908, which was filed with this court on 
June 27, 2016.
The case was applied to ordinary procedures according to law, and the panel was formed to hear 
the case in open session. People‘s Procuratorate procurator attended the court to support the 
prosecution. The defendant and the defender attended the court to participate in the proceedings. 
The People’s Procuratorate charged: 1. From October to December 2015, the defendant Chen 
allowed Huang to take methamphetamine three times in apartment 364. On February 17, 2016, 
the defendant Li allowed Huang to take methamphetamine in hotel room 1226. 2. drug 
trafficking: on February 11, 2016, defendant Chen went to room 1226 of the hotel and sold drugs 
to defendant Li for RMB 300. on February 23, 2016, defendant Chen went to room 1226 of the 
hotel and sold drugs to defendant Li for RMB 295. On February 25, 2016, the public security 
authorities arrested defendant Chen, Li and Huang and others in room 1226 of the hotel. After 
investigation, a total of 2.1 grams of drugs were seized. After identification, methamphetamine 
was detected in the seized drugs. The evidence of the above facts are: 1. household registration 
certificate, 2. witnesses Huang's testimony, 3. defendants Chen and Li's confession and defense, 
4. test report issued by the physical evidence appraisal institute, 5. identification transcripts of 
defendants Chen, Li and witness Huang.
According to the above, the prosecuting authorities believe that defendant Chen has repeatedly 
and intentionally sold drugs and repeatedly allowed others to use drugs. His behavior has 
constituted the crime of drug trafficking and the crime of allowing others to use drugs, and 
should be punished for several crimes together. The defendant Li has repeatedly tolerated others 
to use drugs. In court, the defendants Chen and Li had no opinion on the prosecution‘s charges 
and pleaded guilty.

(c) Candidate Display

Figure 4: An example of the THUIR search experiment platform. The annotators are required to highlight key content that
affects the judgment of relevance.
• Label-2: Offender circumstances are relevant but commissions

of crime are irrelevant.
• Label-3: Commissions of crime are relevant but offender cir-

cumstances are irrelevant.
• Label-4: Both commissions of crime and offender circumstances

are relevant.

Procedure Relevance Procedure Relevance concerns the pro-
cedural controversy of the case. Procedural controversy refers to
the dispute about the legality of procedural facts in criminal pro-
ceedings, which directly affects the application of the law.The Pro-
cedure Relevance is defined as:

Two cases are defined as relevant in Procedure if the similarity
between their procedural controversy is high.

The procedural controversy includes procedural issues and pro-
cedural facts. Procedural issues are disputes involving procedural
law, such as the exclusion of illegal evidence, and judicial jurisdic-
tion. Procedural facts are the specific circumstances of the proce-
dural dispute. The Procedure Relevance labeling is in a four-level
setting ranging from 1 to 4 with increasing relevance.

• Label-1: Procedural issues and procedural facts are irrelevant.
• Label-2: Procedural facts are relevant but procedural issues are

irrelevant.
• Label-3: Procedural issues are relevant but procedural facts are

irrelevant.
• Label-4: Both procedural issues and procedural facts are rele-

vant.

For Overall Relevance, annotators are required to follow the
official guidance criterion and take the characterization, penalty,
and procedure relevance as a whole into consideration. We pro-
vide two guide cases with relevant score explanations to annota-
tors for better understanding. The Overall Relevance labeling is
in a four-level setting which consists of Irrelevant, Somewhat ir-
relevant, Fairly relevant, and Highly relevant. It is worth noting
that there is no explicit mapping function between the Overall Rel-
evance and the sub-relevance. The annotators have discretionary
authority and makes judgments based on their knowledge.

3.6 Human Annotation
Our relevance annotators consist of 41 legal experts majoring in
criminal law, who have all passed the National Uniform Legal Pro-
fession Qualification Examination and are familiar with the cases
in our dataset. To ensure the quality of annotation, all annotators
first go through several hours of interpretation to ensure a sound
understanding of the concept in the criteria. Then, we verify the
quality of annotators with several example tasks. The creator of
the criteria, who holds a Ph.D. in criminal law, makes corrections
according to their annotation in example cases to ensure consis-
tent understanding among all annotators. Only annotators who
have passed the training are allowed to perform official annotation.
Each annotation task is completed repeatedly by three different
annotators. We measure the annotation quality with Kappa [6, 9].
The Kappa value for the Overall Relevance is 0.5190, which indi-
cates that LeCaRDv2 is a high-quality manual labeled dataset. The
average of the three annotation results is regarded as the final rele-
vance score. For each annotation task, we pay the legal expert 6.60
dollars.

For efficient annotation, we build an annotation platform to help
annotators browse cases andmake judgments about their relevance.
Figure 4 shows an example of the annotation platform. Figure 4(a)
is the beginning screen of the platform, from which the annota-
tor can select the annotation task. Each annotation task contains
one query case and thirty candidate cases. The candidate cases are
presented in a randomized manner to remove the rank bias of the
assessors. In other words, it prevents the annotators from over-
valuing the higher-ranked cases and under-valuing the later ones.
Figure 4(b) and 4(c) are the query and candidate display screens re-
spectively. During the annotation process, the annotators are also
required to highlight key content that affects the judgment of rel-
evance. After careful reading, the annotator needs to make a judg-
ment about four relevance scores between the candidate cases and
the query. For Characterization, Penalty, and Procedure relevance,
we provide the option with a label=0, meaning that no legal issue
is involved between cases in that aspect.

3.7 Data Analysis
In this section, we analyze the different attributes of LeCaRDv2.
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Table 1: The statistics of legal class case retrieval datasets.

DATASETS LeCaRDv1 CAIL2019-SCM CAIL2022-LCR COLIEE2020 COLIEE2021 LeCaRDv2
Language Chinese Chinese Chinese English English Chinese
#Queries 107 8264 130 650 900 800

# Candidate cases/query 100 2 100 200 4,415 55,192
Avg.length per case document 8,275 676 2,707 3,232 1,274 4,766
#Avg.relevant case per query 10.33 1 11.53 5.15 4.73 20.89

3.7.1 Data Size. Detailed statistics of LeCaRDv2 and other pop-
ular legal case retrieval datasets are shown in Table 1. There are
some datasets i.e. LeCaRDv1, CAIL2019-SCM, CAIL2022-LCR, and
COLIEE2020 providing a limited number of candidate cases for
each query. While COLIEE2021 and LeCaRDv2 require determin-
ing relevant documents from the entire corpus, which makes the
task more difficult. Compared with LeCaRDv1, LeCaRDv2 is closer
to the real-world retrieval task, which requires themodel with both
efficiency and effectiveness.

From the statistics, we can find that LeCaRDv2 is the largest
Chinese legal case retrieval dataset with tens of thousands of an-
notated data. Benefiting from the candidate case pooling strategy,
more promising cases are annotated, which further increases the
number of relevant cases.

3.7.2 Data Distribution. Figure 5 shows the distribution of query-
candidate pairs with different relevance levels. We can find that
most annotated cases are fairly relevant in Overall Relevance, We
think it benefits from the large corpus, which can provide sufficient
relevant cases, and the candidate pooling strategy, which can de-
termine themore promising relevant cases to annotate. For Charac-
terization Relevance, the number of fairly relevant and highly rele-
vant cases is almost equal. Moreover, it is worth noting that there
are some cases that do not involve Penalty Relevance and Proce-
dure Relevance judgment. For Procedure Relevance, since the ma-
jority of cases do not involve procedural disputes in China, there
are numerous cases with a procedural relevance label of 0. Still,
Procedure Relevance is an important component of the relevance
in legal cases and deserves further study.

4 EXPERIMENT
In this section, we implement some state-of-the-art models to eval-
uate LeCaRDv2. We first introduce the benchmark settings and
baselines. Then, we report the experimental results and perform
a detailed analysis.

4.1 Benchmark Settings
We conduct experiments on state-of-the-art models with zero-shot
and fine-tuning settings. Under the zero-shot setting, the model is
not trained with any annotated data, which is suitable for legal sys-
tems that lack training data. All annotated data in LeCaRDv2 are
employed to evaluate. Under the fine-tuning setting, we sampled
20% cases from each charge as the test set. There are 640 queries
for training and 160 queries for testing. Since we focus on retrieval
performance in large corpus, we adopt recall as the evaluation met-
ric.

Overall Characterization Penalty Procedure
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Figure 5: Distribution of cases with different relevance la-
bels. Label=0 means that the query and candidate do not in-
volve this type of relevance.

4.2 Baselines
We adopt three types of widely-used retrieval models as baselines,
including Traditional Retrieval Models, Generic Pre-trained Mod-
els, and Retrieval-oriented Pre-trainedModels. For Pre-trainedMod-
els, the dual encoder architecture is applied to retrieve relevant
cases from the entire corpus.
• Traditional Retrieval Models

- BM25 [27] is a robust traditional retrieval model based on
word matching.

- LMIR [27] is a highly effective strong baseline mode based on
Dirichlet smoothing.

• Generic Pre-trained Models
- Chinese-BERT-WWM [7] is amulti-layer transformer trained
with Whole Word Mask (WWM) and Next Sentence Predic-
tion (NSP) tasks.

- Chinese-RoBERTa-WWM [7] has the same architecture as
Chinese-Bert-WWM,which is trained in enlarged datasetswith
only WWM task.

- BERT_xs 6 is the Bert specialized in criminal law, which is
trained with several million Chinese case documents.

- Lawformer [32] aims to process long legal cases, which em-
ploy Longformer [3] as the backbone.

• Retrieval-oriented Pre-trained Models
- Condenser [10] designs the skip connection to force informa-
tion to be integrated into the [CLS] token.

6http://zoo.thunlp.org/xs-bert
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Table 2: Zero-shot andfinetune performance of various baselines on LeCaRDv2. Under zero-shot setting, all queries are applied
for evaluation. Under fine-tuning setting, there are 160 queries for testing.The best method in each column is marked in bold.

Models Zero-shot Fine-tune
R@100 R@200 R@500 R@1000 R@100 R@200 R@500 R@1000

Traditional Retrieval Models
BM25 0.6262 0.6629 0.6946 0.7207 0.6050 0.6428 0.6735 0.7015
QLD 0.5984 0.6576 0.7065 0.7424 0.5749 0.6354 0.6882 0.7222

Generic Pre-trained Models
Chinese-BERT-WWM 0.1165 0.1526 0.2184 0.2805 0.3849 0.5026 0.6649 0.7797
Chinese-RoBERTa-WWM 0.3753 0.4739 0.6152 0.7126 0.4136 0.5330 0.6964 0.7998
Bert_xs 0.0453 0.0614 0.0949 0.1343 0.2074 0.2750 0.3935 0.4941
Lawformer 0.2432 0.3040 0.4054 0.4833 0.3651 0.4851 0.6443 0.7629

Retrieval-oriented Pre-trained Models
Condenser 0.2215 0.2987 0.4321 0.5452 0.3982 0.5003 0.6761 0.7969
coCondenser 0.2255 0.3093 0.4460 0.5514 0.3998 0.5024 0.6861 0.8036
SEED 0.3544 0.4474 0.5745 0.6657 0.4201 0.5437 0.7160 0.8132
RetroMAE 0.3193 0.3947 0.5010 0.5821 0.4210 0.5397 0.7093 0.8174

- coCondenser [11] utilizes unsupervised contrastive learning
to warm up the vector space based on Condenser.

- SEED [22] applies a weak decoder to enhance the training of
the encoder, which achieves state-of-the-art performance in
ad-hoc retrieval tasks.

- RetroMAE [21] designs a harder decoding process to achieve
better retrieval performance.

We use the pyserini toolkit 7 to implement BM25, which with
default parameters. For generic pre-trained models, we directly
load their checkpoints in huggingface 8. For retrieval-oriented pre-
trained models, we reproduced their work on the legal corpus with
their open-source code as there are no available Chinese versions
of them.We adopt BERT to initialize retrieval-oriented pre-trained
models. Following the previous work [13, 35], negative samples are
BM25 negatives and the ratio of positives and negatives is 1:32.

4.3 Experimental Results
The performance of baselines on LeCaRDv2 is shown in Table 2.
In the zero-shot setting, we directly measure the performance of
all queries with the pre-trained language model. In the fine-tuning
setting, we use 640 queries for training and 160 queries for testing.
From the experimental results, we can derive the following obser-
vation:
• Both in the zero-shot and fine-tuning settings, the traditional

retrieval methods show competitive performance on legal case
retrieval task.

• Under the Zero-shot setting, generic pre-trained models gener-
ally perform worse than traditional retrieval models. Despite
training with extensive criminal law data, the performance of
BERT_xs is worse than that of BERT. We guess that this is be-
cause the pre-training objectives of BERT_xs damage the robust-
ness of the [CLS] embedding, which is not suitable for dense
retrieval. Correspondingly, Chinese-RoBERTa-WWM achieves
surprising results. This indicates that the next sentence predic-
tion task may not be helpful for dense retrieval.

7https://github.com/castorini/pyserini
8https://huggingface.co/models

• Retrieval-oriented pre-trainingmodels generally have better per-
formance than generic pre-training models. This indicates that
retrieval-oriented pre-training tasks rather than general NLP tasks
are more helpful for retrieval.

• With the guidance of labeled data, the performance of pre-trained
models is further improved. However, in somemetrics i.e. R@100,
R@200, BM25 achieves the best performance, which encourages
the community to propose more pre-trained language models
for legal case retrieval.

• In short, LeCaRDv2 is a challenging retrieval task. Existing pre-
trained languagemodels performworse on legal documents than
in the general domain due to length restrictions and different
relevance definitions. We are confident that with more test data,
LeCaRDv2 can better test the significant effectiveness of the pro-
posed models. It is worth investigating in the future to design
better retrieval models in the legal domain.

5 CONCLUSION
In this paper, we release LeCaRDv2 as a new and challenging dataset
for legal case retrieval. LeCaRDv2 consists of 800 queries cover-
ing 50 charges and 55,192 candidate cases, which is one of the
largest Chinese legal case retrieval datasets with the widest cov-
erage of criminal charges. We enrich criteria of legal relevance
based on LeCaRDv1, which covers characterization, penalty, pro-
cedure three aspects and Overall Relevance. Moreover, we propose
a novel candidate pooling strategy to identify potential cases with
diverse characteristics. We evaluated several competitive baselines
on LeCaRDv2. The experimental results show that LeCaRDv2 is a
challenging retrieval task and further efforts are needed to pro-
mote the development of legal case retrieval. In the future, we will
continue to expand the size of this dataset and start focusing on
civil law cases. Moreover, we will attempt to extract the highlights
of legal experts in determining the relevance of cases for contribut-
ing to the community.
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